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ABSTRACT 
This study utilizes bibliometric knowledge mapping to guide the development of consumer behavior within a 

theoretical framework in live E-commerce environments. This analysis is based on data collected by existing customers 
on platforms such as Taobao, JD.com, Mogujie, Xiaohongshu, and Jumei Youpin. The literature survey chart is based on 
2000 articles. The resulting theoretical concept shares the same structure as the stimulus-organism-response (S-O-R) 
model of consumer behaviors. The stimulus has social, technical, stream and viewer factors. The social stimulus includes 
social influence, and interaction among the live anchor and the consumers. The stream factor is represented by vicarious 
learning. The technical stimulus consists of performance and effort expectancies, the synchronicity of live session and 
system, and system and service quality. The viewer stimulus consists of impulsive buying tendency and innovativeness 
of consumers. Multilayer perceptron neural network (MLP-NN), which integrates many variables in bibliometrics, has 
become an effective means to guide Structural Equation Modeling (SEM) analysis and configuration, thus generating a 
knowledge base. The study offers many practical and theoretical implications, for instance, numerous theories are found 
fit to explain the roles of social stimuli such as cognitive development theory. Trust and enjoyment are found to 
significantly influence consumers’ flow state, which implies the working of cognitive appraisal theory, as an expanded 
insight into the flow theory of consumer behaviors. In addition, addiction to live is another factor that is significantly 
critical to influencing the impulsive buying of consumers. 
Keywords: live E-commerce; bibliometric study; S-O-R theory; socio-technical; customer value; flow theory; addiction; 
impulsive buying 

1. Introduction 
Traditional web-based E-commerce has evolved into today’s social commerce (S-Commerce) and mobile 

commerce (M-Commerce), leading customers to make online purchases a new habit[1,2]. As more and more 
people hope to establish more meaningful social connections and humanity in their relationships, the social 
mechanism embedded in E-commerce is preferably a social mechanism that can offer consumers leisure needs, 
rather than merely transaction services[3]. Whether it is electronic commerce (E-commerce) or mobile 
commerce, their technology is constantly evolving. With the rise of artificial intelligence (AI) globally, new 
versions of E-commerce such as dialogue commerce have always been on the horizon. In the process of rapid 
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customer decision-making, the session business will turn more to the intelligent use of big data, relying on 
algorithmic voice assistance, natural language processing (NLP) technology, and artificial intelligence systems. 

Despite some recent studies on consumers’ intentions to utilize live E-commerce shopping[4], there are 
still many aspects of consumer behaviors that lack clear understanding. For example, Lu et al.[5] use affordance 
theory to explain how cognitive and affective affordance impacts the relationship building between streamers 
and customers. Similarly, scholars exploit affordance theory to illuminate how atmospheric cues influence the 
perception process in shaping the dynamic brand experience of consumers in live E-commerce. This study 
constructs and validates a theoretical model utilizing bibliometric analyses of big data. Because there are few 
publications on live E-commerce, the bibliometric map is based on the keyword “E-commerce shopping 
behavior” to cover a broader field. Specifically, a practical, penetrating point in understanding the live E-
commerce shopping experience that this study undertakes, is to examine how the relevant social and 
technological domains stimulate the psychological and perceptual reactions of the consumers, and in turn, 
shape consumer responses. Due to the emerging role of live E-commerce and limited publications, this 
research’s purpose is to adopt the bibliometric mapping method to suggest a theoretical framework for 
illuminating consumer behaviors relating to influence responses represented by loyalty, addiction, and 
impulsive buying of consumers. As most research considers only one response in live E-commerce, with the 
majority focusing on loyalty[6], the combined responses provide a significant contribution. In addition, artificial 
neural network (ANN) provides a base to structure the broad scopes of variables, which simplifies the 
deductive hypotheses development process. 

Having proposed the immediate psychological drivers of impulsive buying in live shopping, this study 
proceeds to examine the factors that contribute to the flow experience of the viewers. Flow experience, as 
stated earlier, involves total involvement and concentration[7] in the live shopping. Researchers, accordingly, 
have examined drivers of flow that align with the characteristics of flow, such as feedback, concentration, time 
distortion, and enjoyment[7], or directly at the stimulating level, by considering, for instance, perceived 
expertise, similarity and familiarity with the shopping context[8], online store atmosphere[9], and technological 
feature such as augmented reality[10]. In the same respect, this study considers the second objective, which is 
to propose a flow-characteristics and live shopping’s stimulating factors to induce the flow experience of the 
viewers. A socio-cognitive theory, which anchors on the interrelationship of personal and contextual factors to 
influence the behaviors of consumers is used to explain the logic underpinning flow arising. Specifically, the 
stimulating factors can be termed as factors of the stream (social and technical factors, and customer values), 
streamer (vicarious learning), and the viewers (personal innovativeness and impulsive buying tendency). The 
combination is unique to those presented in the extant literature on the streamer-stream-viewer perspective. In 
addition, value is a cognitive reasoning aspect of live shopping, and together with personal innovativeness and 
impulsive buying tendency, they form the personal factors of the social cognitive theory. The social context is 
the socio-technical factors and the vicarious learning, as live E-commerce and especially, the shopping 
experiences of the viewers and consumers, are the result of socio-technical advancement that features 
simultaneous video, audio, interaction, and instant feedback. Vicarious learning is a significant interactive 
bridge between the viewers and the streamers that enable the viewers to observe how the streamers introduce, 
use, and engage with the products, including taking cues from the demonstration[11]. 

2. Literature review 
The bibliometric map, derived using the VOSviewer visualization methodology, and as shown in Figure 

1, utilizes the abstract of 2000 articles as the base for generating structured patterns of knowledge, which aims 
to identify research possibilities for conceptual modeling and empirical validation in this study. The data for 
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the bibliometric study includes articles from the ScienceDirect.com database, based on the keywords “E-
commerce shopping behavior.” As shown in Figure 1, the bibliometric map displays the knowledge network 
of variables and factors that are considered critical in the study of live consumer behaviors. The size of the 
nodes represents the relative strength in the role of the variable, and the proximity of the nodes reveals how 
closely connected between the variables[12]. 

 
Figure 1. Bibliometric knowledge mapping of the research field of E-commerce. 

Given the color distinctions, there are five major clusters of the E-commerce research emphasis in the 
extant literature: (1) the online review and information the consumers can obtain externally (“blue color”), 
which consider the social aspect, (2) the technical system (“yellow color”), (3) the socio-psychological states 
(e.g., trust, usefulness, intention, “orange color”), (4) the context of emphasis, such as COVID, the target 
market, including compulsive buying and addiction aspects of responses (“green”), and (5) the business model, 
which has the support of artificial intelligence, including marketing strategies (“purple color”). The number of 
possibilities of the interlinkage structure of the five clusters depends on the imagination of the practitioners 
and research scholars, the theoretical emphasis, and the strategic emphasis of E-commerce. During the COVID 
period, Internet connectivity continued maturity, and inventiveness in E-commerce presented limitless 
business prospects[13]. Taking a more systematic example directly from the bibliometric map and focusing on 
the factors linking customer intention, one can derive several research propositions. Thanks to technology, 
online evaluation is possible, which may demand data quality to get user confidence and intention. Good 
quality information includes adequacy, depth, reliability, understanding, conciseness, completeness, accuracy, 
authenticity, and diagnostic ability[14]. Online reviews are information-gathering technology that motivates E-
commerce success[15]. 



Environment and Social Psychology | doi: 10.54517/esp.v8i3.1858 

4 

Live E-commerce is a recent form of social commerce, which supports the role of social technology 
clusters. Marketers believe that live E-commerce is an effective channel for customers to make quick purchase 
decisions[16], stimulated by the social technology features and novelty of live E-commerce, such as interactive, 
simultaneous, and social features and real-time technology advantages[17]. Han and Li[18] concept of leveraging 
E-commerce to help rural communities alleviate poverty has its origins in the social and technical systems that 
make up an E-commerce platform. That is to say, farmers in rural areas and any new consumers or individuals 
who come into contact with E-commerce rely on favorable social and technological variables. Therefore, in 
the research of E-commerce, the social and technological fields have become a universal theoretical concept, 
which this study adopts in combined technology adoption model (TAM) and the stimulus-organism-response 
(S-O-R) model[1,2]. A successful information system model considers the systematic aspects of information and 
service quality as important driving factors. The IS success model studies consumers’ social purchasing 
behavior. 

The above bibliometric study reveals a conceptual model in the S-O-R structure suitable for studying live 
E-commerce shopping. The S-O-R structure is at the appropriately abstract level to integrate many factors in 
the extant literature. For instance, the S-O-R theory can explain how consumers react emotionally or 
cognitively, such as relating to the level of risk[19] and the nature of value received[20], when exposed to the 
socio-technical stimulation of live E-commerce, e.g., website quality and firm reputation. The S-O-R theory is 
adopted while considering the socio-technical aspects of the stimulation, as guided by the bibliometric map in 
Figure 1. 

Consumer’s flow is completely immersed in an activity[21]. Although flow experience is a recently studied 
variable in live E-commerce[1,2], as shown in Figure 2 when zooming into Figure 1, the theoretical basis of 
flow still needs to be broadened. In addition, the conceptual model also includes impulse buying as an 
additional response variable that is not shown in the literature measurement chart. It will enhance positive 
feelings, and this positive feeling will only enhance the hedonic shopping experience that impulse buyers desire. 
Tarka[22] pointed out “the rising of awakening and emotion, including the need for fantasy. Impulsive online 
shopping is particularly prominent among female consumers[23]. Those who purchase on a whim also have a 
high level of brand-added value[24]. 

 
Figure 2. Bibliometric knowledge mapping of live E-commerce shopping literature from ScienceDirect. 
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S-O-R theory: 

The nature of socio-technical stimulation takes the S-O-R to its environment and psychological discipline. 
The S-O-R theory is now a popular consumer behavior theory[25]. Later, with the expansion of social media 
and live E-commerce technology, research scholars accordingly apply the S-O-R theory by considering the 
social atmosphere and environment (e.g., social presence[26]; host reputation[27]). The hypothetical general 
format of the S-O-R theory is S  O and O  R. 

Besides customer loyalty, the model captures two additional responses, namely, impulsive buying and 
addiction to live E-commerce. Impulsive purchasing behavior is a frequently overlooked variable in the context 
of interactive E-commerce and mobile commerce[28]. The following explains each of the S-O-R elements and 
the two dominant theories: flow theory and socio-technical system theory. The hypothetical details are 
excluded for this study adopts Artificial Neural Network (ANN) to serve as the knowledge base for the 
Structural Equation Modeling (SEM) analysis. 

2.1. Flow theory 
The “flow” concept’s originator is Mihaly Csikszentmihalyi[29]. The flow experience of consumers is a 

state completely immersed in the events they are involved in, such as live E-commerce. Csikszentmihalyi[30] 
believes that as a driving force for human progress, humans need a fluid state to function and reach higher 
levels. To generate flow, flow activities should be pleasing to the eye and have sufficient motivation for 
consumers to focus their attention on the consumption process[29]. In a centralized flow, consumers may feel 
that time passes quickly, and to some extent may even feel the fusion of fully absorbed actions and 
consciousness. Therefore, flow activities can guide people’s psychological energy commitment to consumption 
activities, thereby generating loyalty (O  R). For example, when a student’s abilities match the learning 
challenges and the topic is engaging, a state of fluidity arises[31], in which the student becomes engaged or 
loyal to the course of study. 

According to Csikszentmihalyi[30], due to the creation of appropriate conditions that can be washed away 
like water, the emergence of a flow experience is essential for a pleasant moment. The difference between 
streaming experience and general consciousness is that it combines action with consciousness, that is, 
“Thinking enters activity as if the actor and action are integrated”[30]. Social states with similar meanings to 
anxiety and boredom-anomie and alienation, making it difficult to move around the world. In a disorderly 
environment, people feel awkward, just like in live E-commerce. As an antidote to anxiety, this research adopts 
the perspective of Faqih[32], which states that “trust is a key prerequisite for successfully eliminating uncertain, 
unsafe, and ambiguous noise related to internet purchasing technology”. So, the host or anchor’s live E-
commerce service should focus on influencing consumer trust. As Csikszentmihalyi[29] emphasized, flow will 
not occur without the possibility of achieving the goal. So, trust is the reduction of ambiguity. Gaining 
consumer trust can reduce anxiety and create an environment conducive to experiencing flow. The fundamental 
principles proposed by Csikszentmihalyi[30] and the above considerations make this research assume trust 
based on the premise of flow, instead of assuming that the flow experience will change trust. 

2.2. Socio-technical system theory 
Within the live E-commerce technology platform, showcasing products to customers through real-time 

video live E-commerce is a core principle for establishing live E-commerce. In this regard, the social 
technology systems theory can affect consumers’ perception and flow status. Output optimization requires 
different social and technological system components, depending on the consumer environment and 
technological platform. For example, in an E-commerce platform for creating business value, organizations 
can use social systems represented by organizational structure and human factors to analyze through 
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descriptive and normative technical systems[33]. 

2.3. Social stimuli 
Social impact refers to the mutual benefit and win-win situation for the audience, making it possible in 

live E-commerce. It presents social evidence[34], demonstrating the popularity or credibility of products and 
services. Interactive is a key technical feature of social commerce, which refers to the extent to allows the 
creation of environments that promote interaction and knowledge sharing[35]. In addition to the important role 
of live E-commerce in promoting interaction and social impact, as it is a relatively new E-commerce product, 
personal traits such as innovation are also important factors. Innovation is a characteristic of individuals who 
tend to willingly adopt new practices, products, or services[36]. Live E-commerce, especially those stimulated 
by internet celebrity promotion, often creates an impulse to buy. Originally, impulsive purchasing tendencies 
were often associated with unplanned purchases. Sideline learning refers to observing how live E-commerce 
hosts perform and demonstrate products to achieve the purpose of learning. It can positively affect the adoption 
of new products[37], such as consumers’ emotions and perceptions of products[38]. Therefore, in terms of 
influencing the consumer decision-making process, alternative learning is similar to word-of-mouth learning, 
as implied by social cognitive theory. 

2.4. Technical system stimuli 
The variables typically considered in ATM technology are performance and expected workload. 

Performance expectations refer to the degree to which consumers perceive the benefits of using real-time E-
commerce shopping, while effort expectations refer to the use of E-commerce online shopping[39]. 
Synchronicity is a key technical attribute aimed at providing consumers with a seamless positive experience, 
reflecting the shorter psychological distance and care of the owner[40]. The crucial technological systems and 
service quality that affect shopping participation, such as in mobile form[6] or corresponding real-time E-
commerce. 

2.5. Organism variables 
Organism variables consider customer value, such as utilitarianism, hedonism, sociality, etc. 

Organizational variables consider customer value, while organizational variables consider the perception and 
psychological effects of customers viewing organisms as consumer cognitive and emotional devices explained 
that consumers’ cognitive devices are a complex knowledge structure that includes complexly intertwined 
belief subsystems, known as memory schemata. Customer perceived value has been widely believed to affect 
consumer decision-making[41]. When customers obtain practical value, that is, to meet Functional requirements 
and price requirements[41], they will show a continuous intention[42]. Different customer values are also a source 
of motivation for consumers. As pointed out by Tarka, Kukar-Kinney and Harnish[22], the improvement of 
arousal and emotional state will eventually enhance positive feelings, enhance consumers’ hedonic shopping 
experience, and thus trigger impulse buying. 

2.6. Response variables 
Positive responses such as loyalty are essential but they still lack the revenue-growing power of firms 

intending to push the performance to a new height[1,2]. Impulsive online shopping is particularly prominent 
among female consumers[23] and internet celebrities. People who make impulsive purchases also have a high 
degree of brand addiction[43]. Addiction is reflected in long-term live E-commerce broadcasts and is 
characterized by internet addiction[44]. 

 



Environment and Social Psychology | doi: 10.54517/esp.v8i3.1858 

7 

3. Method 
3.1. Sample and data collection 

This study collected the data using a questionnaire survey method. The survey description includes ethical 
guidelines for survey objectives, autonomy, and anonymity, as well as guidelines for responding to general 
information and theoretical components. Frequent live E-commerce customers who have received invitations 
include Taobao, JD.com, Mogujie, Xiaohongshu, Jumei Youpin, etc. However, due to the convenience of data 
collection, specific situations on each live E-commerce website cannot be controlled. 

Following the guidelines given by Forza[45] on questionnaire design and testing, this study first conducts 
a careful examination of the questionnaire items, followed by pilot testing and the final data collection phase. 
The questionnaire examination involves three academic colleagues specializing in E-commerce, a live E-
commerce platform designer and trainer for rural revitalization, and a consumer who is an active loyalist to 
Taobao live E-commerce. To prevent cross-influence, which may yield biased results, each participated 
separately. The questionnaire examination started with a briefing of the research objective so that the evaluating 
comment would be directed to accomplish the objective. The second phase involved pre-testing with a small 
group of consumers (n = 50). The aim was to see if the research tool and data collection strategy were 
appropriate for the study and if the measurements accurately reflected the tool’s intended meaning and purpose. 
The primary study exploited the social media popularized with ongoing live E-commerce activities. The 
researchers contacted the anchors for assistance with survey circulation, ensuring that the study report would 
be shared with them when ready. Following the advice of Navani et al.[46], when more than six factors with 
less than 3 measurement items for some factors, and when there are multiple low commonalities, a sample size 
greater than 500 may be required. However, in this study, each construct had at least 3 measurement items, and 
the total variance of interpretation (TVE) was high because the item loading was greater than the 0.7 threshold, 
so a sample size of 500[46] was sufficient. 

3.2. Measurement tools 
The five-point Likert scale provides for the response, using one = strongly disagreed to 5 = strongly 

agreed. To ensure the construct and reliability of the questionnaire, a literature review, which provides the 
appropriate definition of the construct, guides the design of the questionnaire, followed by pilot testing with 
50 sets of regular customers on live E-commerce platforms. As a result, the survey yields robust reliability 
results of Cronbach Alpha more than 0.90 for each construct and secures both convergent and discriminant 
validities. 

3.3. Data analysis 
The S-O-R theoretical model encompasses 19 variables including technical and social factors and stream 

and viewer factors in stimuli, the organism, and response variables. The data analysis is two-staged in sequence, 
by, first, exploiting neural network simulation to serve as a knowledge base for further structural equation 
modeling[47]. While the neural network (NN) simulation identifies the importance of the variables in explaining 
a dependent variable, the Structural Equation Modeling (SEM) validates the overall S-O-R model by Root 
Mean Square Error of Approximation (RMSEA), Normed Fit Index (NFI), Comparative Fit Index (CFI), 
Incremental Fit Index (IFI), and Relative Fit Index (RFI)[48]. 

4. Results 
This section presents the validation outcomes using ANN and SME methods. The concept was derived 

using the derived bibliometric map, which concludes a conceptual model of nineteen variables. Each variable 
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is measured using three measurement items that have been tested to have high reliability, ranging between 0.92 
and 0.96. Though a sample size ranging from 285 to 570 is considered sufficient[49] from the empirical 
recommendation on SEM, this study was able to receive 517 valid returns. Moreover, models based on larger 
samples[49] tend to aggregate successfully, with higher factor loading. 

Table 1 shows the population statistics, with participation rates of 42.7% and 57.3% for men and women, 
respectively. 82.8% of the research participants have more than 3 years of experience in E-commerce, and the 
proportion of using live E-commerce less than 2 times per week is as high as 59.2%. The majority of people 
participating in the survey preferred Taobao platform (47.2%), followed closely by JD.com (14.5%). 45.8% of 
respondents reported having negative experiences with live E-commerce. 

Table 1. Demographics and live E-commerce profiles. 

Gender: 
Men: 42.7% 
Women: 57.3% 

Age: 
<18: 0.2% 
18–25: 46.6% 
26–35: 21.1% 
36–45: 20.1% 
46 or above: 12% 

Education: 
High school: 4.6% 
Vacation: 51.5% 
Bachelor: 22.8% 
Above or master: 21.1% 

Career: 
School students: 25.3% 
Staff: 36.2% 
Government staff: 18.2% 
Freelancer: 11.6% 
Other: 8.7% 

Live E-commerce: 
1 year or less: 8.5% 
1–2 years: 8.7% 
3–5 years: 29.2% 
5 years or more: 53.6% 

Weekly live E-
commerce: 
<2 times: 59.2% 
2–4 times: 16.6% 
5–7 times: 9.1% 
>7 times: 15.1% 

Most preferred platform: 
Taobao: 47.2% 
JD: 14.5% 
Mogujie Street: 2.7% 
Xiaohongshu: 6.4% 
Jumei Youpin: 1.2% 
Other: 28% 

Monthly salary: 
<2000 RMB: 41.2% 
2–4000: 19.3% 
4–6000: 14.5% 
>6000: 25% 

Never negative experience 
with live E-commerce: 
Yes: 45.8% 
No: 54.2% 

- 

Table 2 shows the convergence and discrimination validity of the nineteen constructs. Convergence and 
discriminant validities both provide non-overlapping structural validation, which requires educational and 
reflective measurement interpretations of structural meaning[50], and is evidenced by the cross-correlations in 
values greater than the square root of the total variance explained (TVE) shown in the diagonal for discriminant 
validity, and with TVE for each construct greater than 0.5, and factor loadings over 0.7 for each measurement 
item as evidence for convergence validity. 

Table 2. Validity and reliability assessments. 
 V1 V2 V3 V4 V5 V6 V7 V8 V9 V10 V11 V12 V13 V14 V15 V16 V17 V18 V19 
V1 0.93 - - - - - - - - - - - - - - - - - - 
V2 0.51 0.93 - - - - - - - - - - - - - - - - - 
V3 0.67 0.64 0.94 - - - - - - - - - - - - - - - - 
V4 0.47 0.65 0.57 0.94 - - - - - - - - - - - - - - - 
V5 0.53 0.69 0.66 0.67 0.93 - - - - - - - - - - - - - - 
V6 0.46 0.70 0.61 0.65 0.72 0.95 - - - - - - - - - - - - - 
V7 0.55 0.68 0.67 0.62 0.76 0.76 0.95 - - - - - - - - - - - - 
V8 0.53 0.65 0.68 0.66 0.74 0.71 0.72 0.95 - - - - - - - - - - - 
V9 0.48 0.64 0.64 0.64 0.65 0.64 0.68 0.76 0.96 - - - - - - - - - - 
V10 0.55 0.61 0.64 0.56 0.65 0.60 0.66 0.76 0.72 0.95 - - - - - - - - - 
V11 0.58 0.63 0.71 0.61 0.65 0.65 0.70 0.75 0.69 0.71 0.95 - - - - - - - - 
V12 0.62 0.59 0.73 0.49 0.61 0.58 0.68 0.66 0.62 0.66 0.72 0.94 - - - - - - - 
V13 0.62 0.67 0.73 0.59 0.65 0.64 0.67 0.69 0.66 0.73 0.69 0.68 0.95 - - - - - - 
V14 0.58 0.66 0.7 0.60 0.62 0.64 0.66 0.73 0.65 0.71 0.79 0.73 0.72 0.96 - - - - - 
V15 0.68 0.7 0.78 0.59 0.69 0.64 0.70 0.72 0.71 0.73 0.74 0.79 0.76 0.77 0.94 - - - - 
V16 0.68 0.55 0.71 0.51 0.59 0.57 0.62 0.66 0.58 0.69 0.68 0.73 0.72 0.68 0.77 0.93 - - - 
V17 0.77 0.56 0.71 0.47 0.55 0.48 0.57 0.56 0.52 0.62 0.61 0.70 0.70 0.63 0.74 0.77 0.96 - - 
V18 0.66 0.63 0.75 0.56 0.61 0.58 0.63 0.68 0.65 0.70 0.75 0.73 0.73 0.74 0.77 0.76 0.74 0.95 - 
V19 0.77 0.58 0.70 0.50 0.58 0.55 0.59 0.58 0.56 0.61 0.65 0.64 0.66 0.63 0.66 0.67 0.76 0.70 0.96 
Note 1: V1 = impulsive buying tendency. V2 = performance expectancy. V3 = innovativeness. V4 = effort expectancy. V5 = 
synchronicity. V6 = social influence. V7 = interaction. V8 = system and service quality. V9 = vicarious learning. V10 = utilitarian 
value. V11 = economic value. V12 = social value. V13 = enjoyment. V14 = perceived value. V15 = trust. V16 = flow. V17 = 
addiction. V18 = loyalty. V19 = impulsive buying. Note 2: Reliability measure, Cronbach Alphas are between 0.92 and 0.96, and the 
total variance explained is between 0.861 and 0.925. 
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The factors predicting flow state (V16), addiction (V17), loyalty (V18), and impulse buying (V19) were 
identified by a multi-layer perceptual neural network (MLPNN) simulation. The MLPNN structure[51] includes 
a set of input neurons coupled to the intermediate layer and nodes, and an output layer through synaptic 
connections, as shown in Table 3. 

Table 3. Neural network analysis—The normalized importance. 

  V16 (Flow) V17 (Addiction) V18 (Loyalty) V19 (Impulsive buying) 

 Sample training 352 (68.1%) 352 (68.1%) 363 (70.2%) 363 (70.2%) 

 Sample testing 165 (31.9%) 143 (27.5%) 154 (29.8%) 154 (29.8%) 

 Total (N) 517 517 517 517 

 No. of inputs 15 16 17 18 

Hidden 
layers 

No. of hidden layers 1 1 1 1 

No. of units in a 
hidden layer 

9 3 6 7 

Activation function Hyperbolic tangent Hyperbolic tangent Hyperbolic tangent Hyperbolic tangent 

Output 
layer 

Dependent variable Flow Addiction Loyalty Impulsive buying 

Activation function Identity Identity Identity Identity 

 Relative error 0.239 0.204 0.261 0.25 

Normalized 
importance 
(%) 

V1 91.3 100 9.8 100 

V2 36 29.1 47 18.2 

V3 32.5 31.4 72.3 48.2 

V4 15.1 12.1 33.8 36.8 

V5 27.8 15.9 44.9 32.5 

V6 30.9 36.2 47.9 40.5 

V7 26.5 17.2 47.3 25.9 

V8 27.6 28.3 31.5 14.4 

V9 28.7 51 59.9 28 

V10 49 33.2 35.3 37.3 

V11 24.1 27.8 100 49.5 

V12 57.7 45.6 33.8 17 

V13 76.8 77.9 66.8 24.2 

V14 18.2 29.6 82.6 23.4 

V15 100 63.9 23.3 44.6 

V16 - 84.2 95.5 11.9 

V17 - - 72.2 58.8 

V18 - - - 53.7 
Note: V1 = impulsive buying tendency. V2 = performance expectancy. V3 = innovativeness. V4 = effort expectancy. V5 = 
synchronicity. V6 = social influence. V7 = interaction. V8 = system and service quality. V9 = vicarious learning. V10 = utilitarian 
value. V11 = economic value. V12 = social value. V13 = enjoyment. V14 = perceived value. V15 = trust. V16 = flow. V17 = 
addiction. V18 = loyalty. V19 = impulsive buying. 

Specifically, MLPNN’s performance is as follows: MLPNN predicts that the main factors for impulse 
buying include consumer’s impulse buying tendency, loyalty (normalized importance 53.7), economic value 
(normalized importance 49.5), consumer innovativeness (normalized importance 48.2), and addiction to live 
(normalized importance 58.8). What comes with it is experience flow, enjoy flow, trust flow, and social value. 
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The most important determining factor of customer loyalty is their economic value and flow experience, 
followed by perceived value, innovation, etc. MLPNN has determined that the key predictive elements of flow 
experience are trust and impulse buying tendencies, followed by enjoyment and social value. 

SEM analysis has become relatively simple, utilizing the neural network results in Table 3. Table 4 
presents the standardized path load predictions from V10 (practical value) to V19 (impulse buying), and the 
structural changes are explained by the R-squared at the bottom of the table.V2 (performance expectancy), 
V11 (economic value), V15 (trust), V17 (addiction to live), and V18 (loyalty) are the critical predictors to 
explain the variation of V19 (impulsive buying) and V11 (with standardized loading of 0.19), followed by V16 
(flow state, standardized loading of 0.16) and V17 (standardized loading of 0.17) are the significant predictors 
to explain the variance of V18 (loyalty). The following (Table 4) are SEM statistical data, which provides a 
solid combination for the assumed model. 

Table 4. SEM Path coefficients and variance percentage explained. 

Constructs V10 V11 V12 V13 V14 V15 V16 V17 V18 V19 Remark 

V1 0.13 0.03 0.11 0.13 - 0.13 0.21 0.35 0.03 0.41 - 

V2 0.05 0.04 0.13 0.03 0.14 0.1 - - 0.05 - - 

V3 0.06 0.21 0.25 0.26 - 0.16 0.07 0.09 0.13 0.12 - 

V4 - 0.06 0.04 0.03 - - - - - - - 

V5 0.07 0.06 0.03 0.02 - 0.04 - - - 0.04 - 

V6 - 0.06 0.08 - - - - 0.07 - 0.08 - 

V7 0.06 0.13 0.05 0.18 - - - - - - - 

V8 0.39 0.22 - - 0.14 - - 0.08 - - - 

V9 0.26 0.07 0.03 0.04 - 0.12 - - 0.05 - - 

V10 - 0.17 0.28 0.11 0.11 0.09 0.11 0.06 0.05 - - 

V11 - - 0.06 0.25 0.32 - 0.05 - 0.19 0.12 - 

V12 - - - - 0.21 0.23 0.18 0.12 0.04 - - 

V13 - - - 0.07 0.14 0.08 0.17 0.15 0.06 0.05 - 

V14 - - - - - 0.15 0.02 - 0.10 0.02 - 

V15 - - - - - - 0.22 0.13 0.01 −0.14 Mediation 

V16 - - - - - - - 0.26 0.16 0 Mediation 

V17 - - - - - - - - 0.17 0.19 - 

V18 - - - - - - - - - 0.1 - 

R-squared 0.66 0.69 0.7 0.67 0.73 0.8 0.7 0.75 0.75 0.71 - 
Note: V1 = impulsive buying tendency. V2 = performance expectancy. V3 = innovativeness. V4 = effort expectancy. V5 = 
synchronicity. V6 = social influence. V7 = interaction. V8 = system and service quality. V9 = vicarious learning. V10 = utilitarian 
value. V11 = economic value. V12 = social value. V13 = enjoyment. V14 = perceived value. V15 = trust. V16 = flow. V17 = 
addiction. V18 = loyalty. V19 = impulsive buying. 

5. Discussions 
This research’s purpose is to investigate the factors that affect customers’ live streaming of E-commerce 

behavior, and propose a comprehensive model for verification, by using the bibliometric map as a guide. The 
bibliometric map yields a conceptual model that shares the structure of the stimulus-organism-response (S-O-
R) theory of consumer behaviors. The stimulus consists of socio-technical dimensions, stream and viewer 
factors. Organism factors that are shown to have of significant impact on the positive responses of the 
consumers include the economic value and social value of live, enjoyment, trust and flow experience. Three 
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types of responses are shown to be significant outcomes, namely loyalty, addiction, and impulsive buying, 
which are also interrelated, especially loyalty and addiction are shown to have significant impacts on impulsive 
buying. This research is based on 570 valid survey responses and uses the simulation results of a multilayer 
perceptual neural network (MLP-NN) as the guiding basis for structured programming (SEM) configuration, 
confirming the effectiveness of the theoretical structure. 

6. Interpretation of the findings 
6.1. Theoretical implication 

This research contributes from the angle of adopting a socio-technical perspective and expanding using 
socio-cognitive theory to incorporate the value perception of viewers and value co-creation through vicarious 
learning of streamers, to suggest a set of stimulating factors. Then, flow theory that anchors on the influence 
of trust and enjoyment is employed to induce immersive flow, which forms the organistic states of the 
consumption process, and will subsequently, induce addiction and loyalty as two additional factors that lead 
the viewers to perform Impulsive buying. 

Firstly, the research supports the S-O-R theoretical framework, but the contribution extends beyond in 
that S-O-R provides a robust, integrative ability to apply many other theories in conceptualizing S, O, R, and 
their relationships. The notable theories highlighted in the social stimuli are social impact theory and theory of 
planned behavior (TPB) for explaining social influence, TPB for consumer innovativeness, and cognitive 
development theory and social learning theory for delineating the role of vicarious learning. Specifically, from 
the perspective of TPB, consumer innovativeness is a significant factor influencing the organization states (e.g., 
economic value, social value, enjoyment, trust), and responses in terms of loyalty and impulsive buying. 
Vicarious learning is learning by observing[37], which fits into the notion of the cognitive-psychological process 
of adjustment of consumers to the environment (advocated in cognitive development theory), and which, 
gradually, consumers form norms and perceptions favorable to induce continuing live E-commerce 
participation and impulse purchase (advocated in social learning theory). 

Secondly, customer loyalty is a key indicator of the sustained performance of organizations[52]. This 
research shows that customer loyalty can be influenced by a solid foundation of flow theory and social 
technology system theory, which are also supported by many embedded theories aiming to explain the 
interrelationships of S, O, and R variables. 

Thirdly, the two key drivers of a mobile experience state are trust and enjoyment. Trust and enjoyment 
can be seen as a cognitive and emotional assessment[53], which is a key theme of cognitive evaluation theory. 
In particular, cognitive appraisal is related to consumers’ perception of the live delivery of E-commerce retail 
(such as consumer trust). In contrast, customers’ enjoyment is expressed through emotional evaluation[54]. 
Experiences that stimulate strong emotions are usually handled psychologically. In addition, the factor of trust 
overcame the anxiety barrier of mobile experience[55]. Trust is expressed in consumers’ beliefs in live E-
commerce, which means that it reaches a level where consumers form a positive belief in the reliability of the 
described function. 

Fourthly, is the important role played by consumers’ innovation and compulsion to purchase, which has 
rarely attracted people’s attention. Being innovative and innovative is an individual characteristic. Consumers 
are moved by their innovation and often exhibit higher levels of pleasure when participating in technology or 
technology products, thereby attracting and continuing to adopt. Therefore, consumers’ innovative and 
compulsive purchasing tendencies have a significant stimulating effect on flow stimulation, as well as their 
impact on loyalty and impulsive purchasing. 
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6.2. Practical implications 
Our research has provided important inspiration to live E-commerce traders. 

The research first pointed out that significant customer loyalty and addiction affect their impulsive 
behavior. Although the nature of addiction is different from that of substances, live E-commerce inevitably has 
significant psychological impacts[56], especially in the host’s social and product display. Grew et al.[57] also 
found a similar finding that affects the patronage value of pharmacies. 

Secondly, empirical support for the theory of social technology systems suggests that consumer behavior 
should be guided by concepts, which is consistent with the views of Schilke and Cook[58]. So, the social 
background is an essential stimulus factor in a social business environment. 

Third, this study shows that consumers’ innovation and compulsive purchasing tendencies have a 
significant stimulating effect on loyalty, and this effect is generated in the flow state of consumers. Therefore, 
these unique consumer cognitive styles should be utilized by E-commerce platforms and live E-commerce 
enterprises and engagement levels to develop appropriate marketing strategies to enhance loyalty. 

Fourthly, trade operators represented by live E-commerce hosts should focus on strategies to establish a 
favorable atmosphere that can induce participation in customer flow status, as flow status can immerse 
customers in attendance. Wu and Ho[59] shared the themes expected by users’ beliefs regarding their 
experiences with real-time chats on mobile banking. Social technology development mainly refers to 
alternative learning that has a significant impact on impulse buying tendencies, performance expectations, 
customer innovation, interaction, system and service quality, and customer value perception and enjoyment. 
Therefore, practitioners should actively guide customers’ expectations into live E-commerce. 

6.3. Limitations and further research 
This survey is not without limitations. Fundamentally limited to sampling methods, sampling relies on 

the snowball-like convenience of obtaining participants from various social media channels. So, this study 
needs to be replicated nationwide, combining customer segmentation in rural communities in China and 
different levels of urban development. Secondly, further research can use in-depth interviews to understand 
the nature of experience and the relationship between theoretical variables (events), utilizing comparative 
insights from data analysis. Thirdly, the S-O-R model provides a framework to conceptualize the logic of 
business models and enable business operators to cultivate entrepreneurial abilities in live E-commerce. The 
theoretical framework has achieved solid results in explaining significant R-squared changes in organic and 
reaction structures. As research on live E-commerce has now reached beyond products, further research can 
consider expanding the model of this study too, for instance, hotels and tourism[60], including creative use of 
gamification[61]. 
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Abbreviation 
CFI Comparative fit index 

IFI Incremental fit index 

NFI Normed fit index 

RMSEA Root mean square error of approximation 

RFI Relative fit index 

References 
1. Ye M, Tan CC. Research and application of agricultural energy Internet intelligent system for live streaming E-

commerce based on MATLAB analysis in China. Energy Reports 2022; 8: 227–239. doi: 
10.1016/j.egyr.2022.10.308 

2. Ye M, Tan CC. Research and application of compulsive buying behaviors of consumers in E-commerce live big 
data. Human-Centric Intelligent Systems 2022; 2(1). doi: 10.1007/s44230-22-00010-2 

3. Xue J, Liang X, Xie T, Wang H. See now, act now: How to interact with customers to enhance social commerce 
engagement? Information & Management 2020; 57(6): 103324. doi: 10.1016/j.im.2020.103324 

4. Yin S. A study on the influence of E-commerce live streaming on consumer’s purchase intentions in mobile 
internet. In: Stephanidis C, Salvendy G, Wei J, et al. (editors). HCI International 2020—Late Breaking Papers: 
Interaction, Knowledge and Social Media, Proceedings of the 22nd International Conference on Human-Computer 
Interaction; 19–24 July 2020; Copenhagen, Denmark. Springer, Cham; 2020. Volume 12427, pp. 720–732. 

5. Lu Y, He Y, Ke Y. The influence of E-commerce of live streaming affordance on consumers’ gift-giving and 
purchase intention. Data Science and Management 2023; 6(1): 13–20. doi: 10.1016/j.dsm.2022.10.002 

6. Omar S, Mohsen K, Tsimonis G, et al. M-commerce: The nexus between mobile shopping service quality and 
loyalty. Journal of Retailing and Consumer Services 2021; 60: 102468. doi: 10.1016/j.jretconser.2021.102468 

7. Barta S, Flavián C, Gurrea R. Managing consumer experience and online flow: differences in handheld devices vs 
PCs. Technology in Society 2021; 64: 101525. doi: 10.1016/j.techsoc.2020.101525 

8. Liu H, Chu H, Huang Q, Chen X. Enhancing the flow experience of consumers in China through interpersonal 
interaction in social commerce. Computers in Human Behavior 2016; 58: 306–314. doi: 
10.1016/j.chb.2016.01.012 

9. Ettis SA. Examining the relationships between online store atmospheric color, flow experience and consumer 
behavior. Journal of Retailing and Consumer Services 2017; 37: 43–55. doi: 10.1016/j.jretconser.2017.03.007 

10. Serravalle F, Vanheems R, Viassone M. Does product involvement drive consumer flow state in the AR 
environment? A study on behavioral responses. Journal of Retailing and Consumer Services 2023; 72: 103279. 
doi: 10.1016/j.jretconser.2023.103279 

11. Wang IK, Seidle R. Ambition in innovation: Vicarious learning in the nascent electric scooter market in Taiwan. 
Technological Forecasting & Social Change 2020; 152: 119886. doi: 10.1016/j.techfore.2019.119886 

12. Catani L, Grassi E, di Montanara AC, et al. Essential oils and their applications in agriculture and agricultural 
products: A literature analysis through VOSviewer. Biocatalysis and Agricultural Biotechnology 2022; 45: 102502. 
doi: 10.1016/j.bcab.2022.102502 

13. Gavrilla Gavrilla S, de Lucas Ancillo A. COVID-19 as an entrepreneurship, innovation, digitization and 
digitalization accelerator: Spanish internet domains registration analysis. British Food Journal 2021; 123(10): 
3358–3390. doi: 10.1108/BFJ-11-2020-1037 

14. Zhu L, Li H, Wang FK, et al. How online reviews affect purchase intention: a new model based on the stimulus-
organism-response (S-O-R) framework. Aslib Journal of Information Management 2020; 72(4): 463–488. doi: 
10.1108/AJIM-11-2019-0308 

15. Alanadoly A, Salem S. Fashion involvement, opinion-seeking and product variety as stimulators for fashion E-
commerce: An investigated model based on S-O-R model. Asia Pacific Journal of Marketing and Logistics 2022; 
34(10): 2410–2434. doi: 10.1108/APJML-06-2021-0447 

16. Zhang JX, Ip RKF. E-commerce advertising in social networking sites and implications for social commerce. In: 
Proceedings of the 19th Pacific Asia Conference on Information Systems; 5–9 July 2015; Singapore. 

17. Baboli A, Okamoto J, Tsuzuki MSG, et al. Intelligent manufacturing system configuration and optimization 
considering mobile robots, multi-functional machines and human operators: New facilities and challenge for 
industrial engineering. IFAC-PapersOnLine 2015; 48(3): 1912–1917. doi: 10.1016/j.ifacol.2015.06.366 

18. Han F, Li B. Exploring the effect of an enhanced E-commerce institutional mechanism on online shopping 
intention in the context of E-commerce poverty alleviation. Information Technology & People 2021; 34(1): 93–
122. doi: 10.1108/ITP-12-2018-0568 

19. Kim J, Lennon SJ. Effects of reputation and website quality on online consumers’ emotion, perceived risk and 



Environment and Social Psychology | doi: 10.54517/esp.v8i3.1858 

14 

purchase intention: Based on the stimulus‐organism‐response model. Journal of Research in Interactive Marketing 
2013; 7(1): 33–56. doi: 10.1108/17505931311316734 

20. Wu YL, Li EY. Marketing mix, customer value, and customer loyalty in social commerce: A stimulus-organism-
response perspective. Internet Research 2018; 28(1): 74–104. doi: 10.1108/IntR-08-2016-0250 

21. Hewei T, Youngsook L. Factors affecting continuous purchase intention of fashion products on social E-
commerce: SOR model and the mediating effect. Entertainment Computing 2022; 41: 100474. doi: 
10.1016/j.entcom.2021.100474 

22. Tarka P, Kukar-Kinney M, Harnish RJ. Consumers’ personality and impulsive buying behavior: The role of 
hedonistic shopping experiences and gender in mediating-moderating relationships. Journal of Retailing and 
Consumer Services 2022; 64: 102802. doi: 10.1016/j.jretconser.2021.102802 

23. Zheng Y, Yang X, Liu Q, et al. Perceived stress and online impulsive buying among women: A moderated 
mediation model. Computers in Human Behavior 2020; 103: 13–20. doi: 10.1016/j.chb.2019.09.012 

24. Mrad M, Cui CC. Comorbidity of impulsive buying and brand addiction: An examination of two types of addictive 
consumption. Journal of Business Research 2020; 113: 399–408. doi: 10.1016/j.jbusres.2019.09.023 

25. Han MS, Hampson DP, Wang Y, Wang H. Consumer confidence and green purchase intention: An application of 
the stimulus-organism-response model. Journal of Retailing and Consumer Services 2022; 68: 103061. doi: 
10.1016/j.jretconser.2022.103061 

26. Tan CC, Patthracholakorn AI. Towards a community-based theory of brand community engagement. Advanced 
Science Letters 2018; 24(7): 5167–5170. doi: 10.1166/asl.2018.11296 

27. Yang SU, Grunig JE. Decomposing organizational reputation: The effects of organization-public relationship 
outcomes on cognitive representations of organizations and evaluations of organizational performance. Journal of 
Communication Management 2005; 9(4): 305–325. doi: 10.1108/13632540510621623 

28. Vojvodic K, Matic M. Challenges of e-tailing: Impulsive buying behavior. International Business & Management 
2013; 29: 155–171. doi: 10.1108/S1876-066X(2013)0000029013 

29. Csikszentmihalyi M. Good Business: Leadership, Flow, and the Making of Meaning. Viking Adult; 2003. 
30. Csikszentmihalyi M. Flow: The Psychology of Happiness. Rider; 2022. 
31. Rathunde K, Csikszentmihalyi M. Middle school students’ motivation and quality of experience: A comparison of 

montessori and traditional school environments. American Journal of Education 2005; 111(3): 341–371. doi: 
10.1086/428885 

32. Faqih KMS. Internet shopping in the COVID-19 era: Investigating the role of perceived risk, anxiety, gender, 
culture, and trust in the consumers’ purchasing behavior from a developing country context. Technology in Society 
2022; 70: 101992. doi: 10.1016/j.techsoc.2022.101992 

33. Bolton ML, Siminiceanu RI, Bass EJ. A systematic approach to model checking human-automation interaction 
using task analytic models. IEEE Transactions on Systems, Man, and Cybernetics—Part A: Systems and Humans 
2011; 41(5): 961–976. doi: 10.1109/TSMCA.2011.2109709 

34. Roethke K, Kumpe J, Adam M, Benlian A. Social influence tactics in E-commerce onboarding: The role of social 
proof and reciprocity in affecting user registrations. Decision Support Systems 2020; 131: 113268. doi: 
10.1016/j.dss.2020.113268 

35. Borisova EA. Development of acceptable risk skills among students of technical higher educational institutions 
based on interactive case technologies. In: Proceedings of the 2022 International Conference on Information 
Science and Communications Technologies (ICISCT); 28–30 September 2022; Tashkent, Uzbekistan. pp. 1–5. 

36. Crespo ÁH, del Bosque RI. The effect of innovativeness on the adoption of B2C E-commerce: A model based on 
the theory of planned behaviour. Computers in Human Behavior 2008; 24(6): 2830–2847. doi: 
10.1016/j.chb.2008.04.008 

37. Cao CW, Reid M, Hung YC. Vicarious innovativeness or vicarious learning: The role of existing vicarious 
innovativeness in new product purchase intentions. Australasian Marketing Journal 2016; 24(1): 87–92. doi: 
10.1016/j.ausmj.2016.01.006 

38. Lissitsa S, Kushnirovich N, Aharoni M. Domestication of remote threats: From vicarious learning of foreign 
events to local intergroup relations. International Journal of Intercultural Relations 2022; 87: 157–168. doi: 
10.1016/j.ijintrel.2022.02.004 

39. Donmez-Turan A. Does the unified theory of acceptance and use of technology (UTAUT) reduce resistance and 
anxiety of individuals towards a new system? Kybernetes 49(5): 1381–1405. doi: 10.1108/k-08-2018-0450 

40. Ang T, Wei S, Anaza N. live vs pre-recorded: How social viewing strategies impact consumers’ viewing 
experiences and behavioral intentions. European Journal of Marketing 2018; 52(9/10): 2075–2104. doi: 
10.1108/ejm-09=2017-0576 

41. Picot-Coupey K, Krey N, Huré E, Ackermann CL. Still work and/or fun? Corroboration of the hedonic and 
utilitarian shopping value scale. Journal of Business Research 2021; 126: 578–590. doi: 
10.1016/j.jbusres.2019.12.018 

42. Akdim K, Casalo LV, Flavian C. The role of utilitarian and hedonic aspects in the continuance intention to use 



Environment and Social Psychology | doi: 10.54517/esp.v8i3.1858 

15 

social mobile apps. Journal of Retailing and Consumer Services 2022; 66: 102888. doi: 
10.1016/j.jretconser.2021.102888 

43. Liu Y. Developing a scale to measure the interactivity of websites. Journal of Advertising Research 2003; 43(2): 
207–216. doi: 10.1017/S0021849903030204 

44. Lubis M, Handayani DOD. The relationship of personal data protection towards internet addiction: Cyber crimes, 
pornography, and reduced physical activity. Procedia Computer Sciences 2022; 197: 151–161. doi: 
10.1016/j.procs.2021.12.129 

45. Forza C. Survey research in operations management: A process-based perspective. International Journal of 
Operations & Production Management 2002; 22(2): 152–194. 

46. Navani N, Brown JM, Nankivell M, et al. Suitability of endobronchial ultrasound-guided transbronchial needle 
aspiration specimens for subtyping and genotyping of non-small cell lung cancer: a multicenter study of 774 
patients. American Journal of Respiratory & Critical Care Medicine 2012; 185(12): 1316–1322. doi: 
10.1164/rccm.201202-0294OC 

47. Al Nageim H, Nagar R, Lisboa PJG. Comparison of neural network and binary logistic regression methods in 
conceptual design of tall steel buildings. Construction Innovation 2007; 7(3): 240–253. doi: 
10.1108/14714170710754731 

48. Bakti IGMY, Sumaedi S. P-TRANQUIL: A service quality model of public land transport services. International 
Journal of Quality & Reliability Management 2015; 32(6): 534–558. doi: 10.1108/IJQRM-06-2013-0094 

49. Wolf EJ, Harrington KM, Clark SL, Miller MW. Sample size requirements for structural equation models: An 
evaluation of power, bias, and solution propriety. Education Psychology Measurement 2013; 76(6): 913–934. doi: 
10.1177/0013164413495237 

50. Agarwal V. Investigating the convergent validity of organizational trust. Journal of Communication Management 
2013; 17(1): 24–39. doi: 10.1108/13632541311300133 

51. Lima-Junior FR, Carpinetti LCR. Predicting supply chain performance based on SCOR metrics and multilayer 
perceptron neural networks. International Journal of Production Economics 2019; 212(C): 19–38. doi: 
10.1016/j.ijpe.2019.02.001 

52. Ayodeji Y, Rjoub H, Özgit H. Achieving sustainable customer loyalty in airports: The role of waiting for time 
satisfaction and self-service technologies. Technology in Society 2023; 72: 102106. doi: 
10.1016/j.techsoc.2022.102106 

53. Herbelin B, Benzaki P, Françoise R, et al. Using physiological measures for emotional assessment: A computer-
aided tool for cognitive and behavioural therapy. International Journal on Disability and Human Development 
2005; 4(4): 276–284. doi: 10.1515/IJDHD.2005.4.4.269 

54. Kim H, Huh C, Song C, Lee MJ. How can hotel smartphone apps enhance hotel guest experiences? An integrated 
model of experiential value. Journal of Hospitality and Tourism Technology 2021; 12(4): 791–815. doi: 
10.1108/JHTT-07-2020-0176 

55. Kranjčev M, Hlupić TV. Personality, anxiety, and cognitive failures as predictors of flow proneness. Personality 
and Individual Differences 2021; 179: 110888. doi: 10.1016/j.paid.2021.110888 

56. Lu H, Wang S. The role of Internet addiction in online game loyalty: An exploratory study. Internet Research 
2008; 18(5): 499–519. doi: 10.1108/10662240810912756 

57. Grew B, Collins JC, Schneider CR, Carter SR. How does perceived cost and value influence pharmacy patronage? 
A scoping review. International Journal of Pharmaceutical Healthcare Marketing 2020; 14(4): 641–663. doi: 
10.1108/IJPHM-12-2019-0077 

58. Schilke O, Cook KS. Sources of alliance partner trustworthiness: Integrating calculative and relational 
perspectives. Strategic Management Journal 2015; 36(2): 276–297. doi: 10.1002/smj.2208 

59. Wu CG, Ho JC. The influences of technological characteristics and user beliefs on customers’ perceptions of live 
chat usage in mobile banking. International Journal of Bank Marketing 2022; 40(1): 68–86. doi: 10.1108/IJBM-
09-2020-0465 

60. Shen H, Zhao C, Fan DXF, Buhalis D. The effect of hotel live on viewers’ purchase intention: Exploring the role 
of parasocial interaction and emotional engagement. International Journal of Hospitality Management 2022; 107: 
103348. doi: 10.1016/j.ijhm.2022.103348 

61. Qian TY, Matz R, Luo L, Xu C. Gamification for value creation and viewer engagement in gamified live services: 
The moderating role of gender in esports. Journal of Business Research 2022; 145: 482–494. doi: 
10.1016/j.jbusres.2022.02.082 


